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Abstract 

This study investigates how household income influences child labour and trafficking in the Gombe local government region. An 

analytical model was created using the theories proposed by Basu and Van (1988) and Fan (2011). The study employs a multistage 

sampling method to collect data from four selected districts (Gombe metropolitan) in Gombe Local Government Area, Gombe 

State. Questionnaires were sent to 379 families in the Gombe metropolitan area of Gombe Local Government Area to collect the 

data. This study demonstrates that household income plays a significant role in influencing child labour and trafficking in Gombe 

Local Government. There is a high prevalence of child labour and trafficking in the area. Additionally, an increase in household 

size is linked to higher rates of child labour and trafficking. In comparison, employment and skills are associated with lower rates 

of child labour and trafficking in Gombe Local Government. Similarly, children from households with incomes below the 

subsistence level are often subjected to child labour and trafficking. The study recommends that both individualistic and 

governmental efforts be focused on curbing child labour and trafficking to limit children's involvement in these activities. 
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1.1 Introduction 
Child labour and trafficking remain critical social issues in many 

developing regions, particularly in sub-Saharan Africa, where 

economic hardship significantly contributes to the exploitation of 

children. In Nigeria, a large proportion of the population lives 

below the poverty line (Enaberue, Musa & Magaji, 2024), and this 

economic deprivation often forces households to rely on the 

income generated by children through labour or exposes them to 

trafficking networks as a means of survival (International Labour 

Organisation [ILO], 2022). Gombe State, located in the 

northeastern region of Nigeria, is no exception to this reality. 

Within the Gombe Local Government Area (LGA), household 

income levels are typically low due to limited employment 

opportunities and underdeveloped economic infrastructure, factors 

which contribute to the high incidence of child labour and 

trafficking (United Nations Children’s Fund [UNICEF], 2021). 

The relationship between household income and child labour is 

well-documented in the existing literature, which consistently 

shows that households with lower incomes are more likely to 

engage their children in economic activities to supplement family 

earnings (Basu & Van, 1998). In Gombe LGA, many children are 

involved in street hawking, domestic servitude, farming, and other 

hazardous jobs that deprive them of education and a healthy 

childhood. Furthermore, due to financial pressures, some parents 

are lured into trafficking networks that promise better opportunities 

for their children, only for them to be exploited for labour or other 

forms of abuse (National Agency for the Prohibition of Trafficking 

in Persons [NAPTIP], 2023). These practices perpetuate the cycle 

of poverty and hinder socio-economic development (Magaji, 

2007). 

Moreover, the prevalence of child trafficking and labour in Gombe 

LGA highlights the limitations of existing social protection policies 

and the urgent need for poverty alleviation measures. While 

governmental and non-governmental organisations have launched 

initiatives to address child labour and trafficking, these efforts 

often fail to consider the underlying economic drivers, particularly 

low household income (ILO, 2022). As a result, such interventions 

tend to be unsustainable and ineffective in the long term. Thus, 

understanding the economic factors at the household level is 

crucial for formulating more effective and targeted policies. 

From a development perspective, child labour and trafficking not 

only violate children's rights but also undermine human capital 

development and national productivity (Magaji, 2023). Children 

who are denied access to education and exposed to exploitative 

conditions often suffer from poor health and limited future 

opportunities, further exacerbating intergenerational poverty 

(UNICEF, 2021). Addressing this issue requires a comprehensive 

approach that includes providing income support to vulnerable 

households, ensuring access to quality education, and 

implementing community awareness programs (Gabdo, Magaji & 

Yakubu, 2025). Such strategies must be grounded in empirical 

evidence that captures the local realities of households in Gombe 

LGA. 

This study, therefore, seeks to assess the impact of household 

income on the prevalence of child labour and trafficking in the 

Gombe Local Government Area of Gombe State. It aims to provide 

insights into how economic constraints influence parental decisions 

regarding child welfare and to recommend policy interventions that 

can reduce the economic dependence on child labour. The findings 

are expected to contribute to ongoing discussions on poverty 

reduction, child protection, and sustainable development in Nigeria 

(Magaji et al, 2025). 

2.1 Conceptual Review 
2.1.1 Concept of Child Labour 

Child labour refers to the engagement of children in work that 

deprives them of their childhood, potential, and dignity, and is 

harmful to their physical and mental development. It includes work 

that is mentally, physically, socially, or morally dangerous and 

interferes with their schooling by either depriving them of the 

opportunity to attend school, forcing them to leave school 

prematurely, or requiring them to combine school attendance with 

excessively long and heavy work (International Labour 

Organisation [ILO], 2022). In many developing countries, 

including Nigeria, child labour is often driven by poverty, lack of 

access to quality education, and socio-cultural factors that 

normalise child economic participation (UNICEF, 2021). While 

not all forms of work performed by children are classified as child 

labour, such as age-appropriate chores that do not interfere with 

schooling or development, exploitative practices remain 

widespread, especially in rural and economically disadvantaged 

communities (Basu & Tzannatos, 2003). The persistence of child 

labour is a significant barrier to achieving sustainable 

development, as it undermines children's rights and perpetuates 

cycles of poverty and inequality (Magaji, 2008). 

2.1.2 Concept of Child trafficking 

Child trafficking is the recruitment, transportation, transfer, 

harbouring, or receipt of children for exploitation, including forced 

labour, sexual exploitation, servitude, or the removal of organs 

(Yunusa et al, 2024). Unlike adult trafficking, child trafficking 

does not require proof of coercion or deception, as children are 

considered incapable of giving informed consent (United Nations 

Office on Drugs and Crime [UNODC], 2020). This crime is a 

severe violation of children’s rights (Lamiya et al, 2025). It is often 

fueled by armed conflict (Zailani, Magaji & Jafaru, 2025), poverty 

and lack of education (Jafaru, Magaji & Abdullahi, 2024), and 

weak law enforcement systems, especially in developing countries 

like Nigeria (National Agency for the Prohibition of Trafficking in 

Persons [NAPTIP], 2023). In regions such as Gombe State, 

traffickers often exploit vulnerable families by offering false 

promises of education or employment for their children, only to 

subject them to exploitative and abusive conditions. Child 

trafficking has far-reaching consequences on the psychological and 

physical well-being of victims and hampers their opportunities for 

a productive future (UNICEF, 2021). Addressing child trafficking 

requires a multifaceted approach involving poverty reduction, 

education, legal reform, and international cooperation. 

2.1.3 Concept of Household Income 

Household income refers to the combined gross income of all 

household members, regardless of their relationship, from all 

sources, including wages, salaries, business profits, pensions, 

government transfers, and other earnings, over a specific period 

(Musa & Magaji, 2023). It is a critical indicator of a household's 

economic status and its capacity to meet basic needs such as food, 

shelter, education, and healthcare (Organisation for Economic Co-

operation and Development [OECD], 2020). In developing 

countries like Nigeria, household income is often unstable and 

influenced by factors such as employment type (Magaji & Musa, 

2015), education level, household size, and regional economic 

conditions (National Bureau of Statistics [NBS], 2022). Low 
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household income frequently correlates with adverse social 

outcomes, including child labour and trafficking, as families may 

resort to these practices as survival strategies (Magaji & Musa, 

2015). Thus, understanding household income dynamics is crucial 

in addressing poverty-driven issues and formulating effective 

socio-economic policies that protect vulnerable populations, 

particularly children (World Bank, 2021). 

2.1.4 Concept of Unemployment  

Unemployment refers to the condition in which individuals who 

are capable of working are actively seeking work but are unable to 

find any gainful employment. It is a key indicator of economic 

performance and labour market efficiency, often used to assess the 

overall health of an economy (International Labour Organisation 

[ILO], 2022). Unemployment can take several forms, including 

structural, frictional, cyclical, and seasonal, each reflecting 

different underlying economic dynamics and challenges. In 

developing countries like Nigeria, unemployment is typically 

driven by rapid population growth, inadequate industrialisation, 

poor economic planning, and a mismatch between education and 

job market needs (National Bureau of Statistics [NBS], 2023). 

High unemployment rates are associated with increased poverty, 

social unrest, and a rise in criminal activities (Yakubu, Magaji & 

Magaji, 2025), including child labour and human trafficking, as 

families struggle to survive. Addressing unemployment requires 

comprehensive policies focused on education reform, vocational 

training, entrepreneurship development, and inclusive economic 

growth (World Bank, 2021). 

2.2 Theoretical Review 

2.2.1 Theory of Child Labour and Trafficking  

The theory of child labour and trafficking combines economic, 

sociological, and human rights perspectives to explain the root 

causes of these practices. The economic theory by Basu and Van 

(1998) suggests that poverty drives child labour—families with 

low income rely on children to contribute economically. However, 

as income increases, the need for child labour decreases. The Push-

Pull Framework explains trafficking through "push" factors like 

poverty and family instability, and "pull" factors such as false 

promises of better opportunities (Shelley, 2010). Additionally, the 

human rights approach frames both child labour and trafficking as 

violations of children’s rights, emphasising the state's role in 

ensuring protection and access to education (UNICEF, 2021). 

Together, these theories highlight the importance of addressing 

poverty, improving income, and enforcing child protection policies 

to combat child exploitation. 

2.3 Empirical Review 

Anurioha (2024) examines the issue of child labour and human 

trafficking exploitation in Nigeria. These practices deprive children 

of educational opportunities and normal childhood development, 

propagating cycles of poverty. Various cultural, socioeconomic, 

and religious drivers enable the persistence of child labour despite 

legislative interventions. This study employs a mixed-methods 

approach, combining qualitative and quantitative methods to 

explore the nature, contributors, and impacts of child labour in 

Nigeria. It reviews scholarly journals, reports, statistical data, and 

policy documents to examine these aspects. Factors analysed 

include cultural attitudes, poverty, porous borders, gender norms, 

and the breakdown of Islamic educational apprenticeships. 

Consequences across health, psychology, education, and national 

growth are scrutinised. Governmental efforts and remaining gaps 

are assessed. Results revealed that cultural acceptance of child 

economic roles, especially for girls, and endemic poverty drive 

families to perpetuate child labour traditions. Economic integration 

policies enable trafficking across West African borders. Nigeria’s 

Almajiri Qur’anic education system has deteriorated, with many 

boys now begging or working for survival rather than studying. 

The result is vulnerability to further exploitation. A novel finding 

from this study revealed that approximately 80.5% of participants 

reported that their child labour experiences did not affect their 

education, contrasting with existing research that found child 

labour to limit schooling in Nigeria. Few victims develop lifelong 

health issues and trauma. In some cases, erratic education also 

propagates intergenerational poverty. Although Nigeria has 

implemented institutional interventions, enforcement gaps allow 

child labour to persist. Extended research into the efficacy of 

policy and poverty reduction initiatives is warranted to alleviate the 

cultural and economic strains that compel child labour to neglect 

human rights. 

Musa, Magaji, and Yakubu (2024) investigate how household 

income influences child labour and trafficking in the Karu local 

government region. An analytical model was created using the 

theories proposed by Basu and Van (1988) and Fan (2011). The 

study employs a multistage sampling method to collect data from 

four selected districts (Mararaba, Massaka, Ado, and New Karu) in 

Karu Local Government Area, Nasarawa State, Nigeria. 

Questionnaires were sent to 379 families in the four chosen 

districts of the Karu Local Government Area to collect the data. 

This study demonstrates that household income plays a significant 

role in influencing child labour and trafficking in Karu Local 

Government. There is a high prevalence of child labour and 

trafficking in the area. Additionally, an increase in household size 

is linked to higher rates of child labour and trafficking. In 

comparison, employment and skills are associated with lower rates 

of child labour and trafficking in Karu Local Government. 

Similarly, children from households with incomes below the 

subsistence level are often subjected to child labour and trafficking. 

It was recommended that both individualistic and governmental 

efforts be focused on curbing child labour and trafficking to limit 

children's involvement in these activities. 

Okoronkwo and Ophra (2024) investigated the socioeconomic 

determinants that impact child labour in Nigeria. The tools 

employed for data gathering consisted of a questionnaire and in-

depth interview schedules. The study utilised a sample size of 621 

participants, with 615 participants for the quantitative distribution 

and 6 participants for the IDIs. The quantitative data were 

examined using the Statistical Package for the Social Sciences, 

using percentages (%) and Chi-square (χ2) statistics to test the 

three hypotheses. The qualitative data, on the other hand, were 

analysed thematically to supplement the quantitative findings. The 

study determined that marital status was the sole factor with a 

significant, favourable impact on child labour practices. Child 

employment practices also have detrimental effects on children. 

The report proposes that individuals who persist in using children 

in child labour despite undergoing these awareness and education 

initiatives should face stringent legal penalties as a means of 

discouraging others from partaking in similar actions. The 

eradication of child labour practices in Nigeria requires the active 

participation of the Government, youth corps members, community 

leaders, and the public. They all have a crucial role in addressing 

the socioeconomic elements contributing to this issue.  
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Alhassan, Maswana and Inaba (2024) investigate how the 

educational attainment and household income of remittance 

recipients shape their decisions to work. Using data from the 2018–

2019 living standard measurement survey for over 61,000 

Nigerians and applying the instrumental variable probit and Tobit 

techniques, we find that remittances are associated with an 

occupational switch from agriculture to nonagricultural (paid jobs 

and nonfarm enterprises) work. Specifically, the results indicate 

that remittance recipients are more likely to exit or reduce their 

hours worked on the farm, regardless of their educational 

attainment and household income status. On the other hand, 

remittances promote labour supply to paid jobs and nonfarm 

enterprises, especially among the less educated in Northern 

Nigeria. In terms of household income, the positive effect of 

remittances on nonfarm jobs only holds for individuals in the top 

income quartile, regardless of their region of residence. Our 

findings are robust to alternative estimation techniques and hold 

important cues for policymakers. 

Musa and Magaji (2023) investigate the influence of home income 

on child labour in the Bauchi Local Government Area of Bauchi 

State. They utilised the survey research design by administering 

questionnaires. Information was collected from a sample of 50 

individuals who live in the Bauchi Local Government Area of 

Bauchi State. The study employed percentage analysis and chi-

square and utilised tables for data display. The study reveals that an 

overwhelming majority of participants (80%) do not receive any 

form of financial assistance or backing from the Government. 

Hence, the study proposes implementing policies that will enhance 

the availability of job possibilities and establish income schemes 

for households.  

Musa, Magaji, and Tsauni (2022) analyse the socioeconomic 

factors that influence child labour in Northeastern Nigeria. Their 

research utilises multistage sampling strategies to collect necessary 

data from specific local government areas in three Northeastern 

Nigerian states: Adamawa, Bauchi, and Yobe. Their investigation 

employed structured questionnaires. The acquired data were 

examined via the Tobit Model. Their research indicates that factors 

influencing child labour include the age and gender of the children, 

their relationship with the household head, the household head's 

educational level, the household's occupation, and poverty. Poverty 

is measured by the household head's income, the size of the family, 

access to clean piped water, and the distance to school. 

Nevertheless, specific findings were determined to have statistical 

significance at different degrees.  

2.4 Gap in the Literature   

While numerous empirical studies have explored the drivers and 

consequences of child labour and trafficking in Nigeria, several 

gaps persist in the literature that warrant further investigation. 

Studies such as those by Anurioha (2024) and Okoronkwo and 

Ophra (2024) have provided valuable insights into the socio-

cultural and institutional determinants of child exploitation, 

highlighting factors like cultural acceptance, poverty, and weak 

enforcement of child protection laws. However, these studies often 

generalise findings at the national level without disaggregating the 

specific local economic dynamics, such as household income 

variations in marginalised areas like the Gombe Local Government 

Area. Although Musa, Magaji, and Yakubu (2024) addressed 

household income in Karu, and similar work was done in Bauchi 

(Musa & Magaji, 2023), these contexts differ socioeconomically 

and culturally from Gombe, where factors such as Almajiri 

education, porous borders, and informal economies uniquely 

interact with income levels to influence child labour and trafficking 

patterns. Moreover, most existing studies employed quantitative 

methods or relied on broad survey data, with limited incorporation 

of community-based, qualitative narratives that capture local 

realities and parental decision-making processes. Therefore, there 

is a need for a more localised, mixed-methods study that 

investigates explicitly how household income in Gombe LGA 

influences the prevalence of child labour and trafficking, while also 

evaluating the effectiveness of poverty alleviation policies in 

reducing these practices. 

3 Methodology 
3.1 Research Design 

Consistent with prior work, this study employed a survey research 

approach, which is defined as the process of gathering information 

from a selected group of individuals by posing questions to them, 

as highlighted by Check and Schutt (2012). This research method 

offers a versatile framework for recruiting participants, collecting 

data, and implementing various measurement instruments. Survey 

research can utilise quantitative methodologies, which typically 

involve structured questionnaires containing items that are scored 

numerically, allowing for statistical analysis. On the other hand, 

qualitative methods rely on open-ended questions that elicit 

detailed, descriptive responses from participants. Moreover, 

researchers can also adopt a mixed-methods approach, integrating 

both quantitative and qualitative techniques to gain a 

comprehensive understanding of the study topic. Surveys are 

particularly prevalent in social and psychological research as they 

effectively describe and investigate human behaviour, as noted by 

Singleton and Straits (2009). 

The selection of the survey research design for this study was 

informed by the specific nature of the research, which 

encompassed a social survey with managerial factors. The 

structured format of survey research proved essential in addressing 

the research inquiries, as it facilitated the systematic collection of 

data that could be analysed to draw meaningful conclusions. This 

design not only allowed for the measurement of various constructs 

related to managerial factors but also ensured that the responses 

could be generalised across different contexts. By employing this 

research design, the study was positioned to effectively capture the 

nuances of the managerial landscape and the factors influencing it. 

One notable advantage of the survey research strategy is its 

extensive reach, which enables researchers to collect a substantial 

amount of information from a geographically diverse population 

(Ndiyo, 2016). This characteristic is particularly valuable when 

examining complex social phenomena that may vary across 

different demographic and regional contexts. Additionally, the 

ability to administer surveys electronically or via traditional 

methods further enhances participant accessibility, promoting a 

higher response rate. This broad data collection capability not only 

strengthens the study’s findings but also contributes to the overall 

robustness of the research. Thus, the survey research design was 

instrumental in ensuring that the study effectively addressed its 

objectives and provided valuable insights into the managerial 

factors under investigation. 

3.2 The Study Area 

Gombe State is situated in the Northeastern region of Nigeria, 

sharing its borders with several neighbouring states. To the west, it 

is bordered by Bauchi State; to the south, it shares a boundary with 
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Taraba State; to the east, it is adjacent to Borno State; and to the 

north, Yobe State borders Gombe. The state was officially 

established on October 1, 1996, when it was carved out from part 

of Bauchi State. Gombe is administratively divided into eleven 

local government areas, each contributing to the state’s governance 

and development, with the capital and headquarters situated in the 

city of Gombe. This strategic positioning within the northeastern 

region of Nigeria places Gombe at a crossroads of cultural and 

economic interactions among the various states it neighbours. 

The Gombe Local Government Area, which encompasses the 

urban area of Gombe city, serves as a significant economic hub for 

the state. Located within the Gombe Central Senatorial District, 

this urban centre plays a crucial role in the region's financial 

activities. Covering an area of approximately 20,265 square 

kilometres, Gombe State has experienced considerable population 

growth, with projections estimating the population to reach 

3,960,100 by 2022. Within this framework, the metropolitan area 

of Gombe Local Government is expected to host approximately 

551,000 residents, reflecting the urbanisation trends and the appeal 

of Gombe as a centre for commerce and trade. This growth not 

only highlights the importance of Gombe in Nigeria's socio-

economic landscape but also underscores the challenges and 

opportunities that come with managing urbanisation and resource 

distribution in a developing region. 

3.3 Population of the Study 

The study population comprises individuals residing in the Gombe 

Local Government Area of Gombe State, which is home to an 

estimated 551,000 inhabitants (Wikipedia, 2022). This 

demographic includes a diverse range of individuals from various 

socio-economic backgrounds, ethnic groups, and age categories, 

reflecting the vibrant tapestry of community life in the region. The 

Gombe Local Government Area, as an urban centre, serves as a 

significant hub for economic activities, education, and social 

interactions, attracting people from surrounding areas for work, 

trade, and services. By focusing on this population, the study aims 

to capture a comprehensive understanding of the local dynamics, 

including factors that influence social behaviour, economic 

participation, and community engagement. Furthermore, the 

selection of this specific demographic enables the examination of 

regional trends and challenges that may impact residents, providing 

valuable insights into the lived experiences of individuals in the 

Gombe Local Government Area. Such insights can contribute to 

informed decision-making for policy development, resource 

allocation, and community initiatives that aim to enhance the 

quality of life for residents in the area. 

3.4 Sample Size and Sampling Technique 

This study will mostly utilise random sampling to examine the 

variables. The study's sample size will be determined using the 

Taro Yamani Formula. The sample size for this study was 

established using the Yamani (1968) formula for estimating sample 

size, as follows:  

n =   N  

     1+n(e)² 

Where: n= sample size  

N= 551,000 (population size)  

e= 0.05(sample error level of significance)  

1 = constant  

n =     551,000  n = 400 

     1+551,000 (0.05)² 

The sample size is 400 respondents 

3.5 Instrument of Data Collection 

The primary method of data gathering for this study will involve 

administering structured questionnaires to the respondents. This 

approach is chosen for its efficiency and ability to reach a broad 

audience within the Gombe Local Government Area. The 

questionnaire will be carefully divided into two distinct sections to 

facilitate a comprehensive analysis of the collected data. The first 

section is designed to capture essential socio-economic 

characteristics of the respondents, including demographic variables 

such as age, gender, educational background, and employment 

status. By gathering this information, the study aims to create a 

contextual understanding of the population, which is crucial for 

interpreting the subsequent findings and ensuring that the results 

reflect the diverse perspectives present in the community. 

The second section of the questionnaire is focused on eliciting the 

participants' perspectives regarding the influence of household 

income on two critical issues: child labour and child trafficking 

within the Gombe Local Government Area. This segment aims to 

explore the complex relationship between economic factors and the 

prevalence of these social issues, shedding light on how variations 

in household income may impact the likelihood of child 

exploitation. Respondents will be asked to provide their views on 

the extent to which financial constraints lead families to resort to 

child labour or become vulnerable to trafficking networks. By 

analysing these perspectives, the study seeks to identify patterns 

and correlations that can inform policymakers, social workers, and 

community leaders about the underlying causes of child labour and 

trafficking in the region, ultimately contributing to the 

development of effective interventions and support systems for 

vulnerable children and their families. 

3.6 Nature and Source of Data 

To effectively address the research objectives, both primary and 

secondary data sources were utilised, ensuring a comprehensive 

understanding of the issues at hand. The primary data sources 

consisted of field surveys conducted directly within the Gombe 

Local Government Area, allowing researchers to gather first-hand 

information from the respondents. These surveys facilitated the 

collection of relevant data on socio-economic characteristics, 

perceptions regarding household income, and its implications for 

child labour and trafficking. By engaging directly with the 

community, the study aimed to capture the lived experiences and 

insights of individuals who are directly affected by these pressing 

social issues. This approach not only enhances the validity of the 

findings but also fosters a deeper connection between researchers 

and the community, allowing for a nuanced exploration of the 

factors at play. 

In addition to the primary data gathered from field surveys, 

secondary data was sourced from a variety of academic and 

professional publications, including books, journals, seminar 

papers, and relevant written reports. This secondary data served as 

a crucial backdrop for understanding existing literature and 

theoretical frameworks surrounding child labour and trafficking, as 

well as the socio-economic dynamics within the region. By 

integrating secondary sources, the research was able to 

contextualise its findings within broader academic discussions, 

compare new insights with established knowledge, and identify 
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gaps that the current study aims to fill. Furthermore, these 

secondary data sources provided a historical perspective on the 

trends and patterns related to child exploitation, thereby enriching 

the analysis and enhancing the overall robustness of the research. 

This combined methodology, which utilises both primary and 

secondary data, ultimately strengthens the credibility of the study 

and its potential contributions to policy and practice in the region. 

3.6.1 Method of Data Collection 

In addition to the secondary sources previously mentioned, two 

primary data collection approaches were employed to gather 

information directly from the field, enhancing the depth and 

relevance of the research findings. The primary methods utilised 

were questionnaires and personal interviews, which together 

provide a rich data set for analysis. The questionnaires were 

designed to include a combination of closed-ended and open-ended 

questions, ensuring that respondents could give specific, 

quantifiable data as well as express their thoughts and opinions in 

their own words. This structured approach enables the efficient 

collection of information while allowing participants to elaborate 

on their experiences and perspectives related to the study's 

objectives. Personal interviews were also conducted to complement 

the questionnaire data, allowing for a more in-depth exploration of 

individual experiences and insights. These oral interviews provided 

a platform for subjects to share their stories and opinions 

conversationally, facilitating a deeper understanding of the nuances 

surrounding child labour and trafficking in the Gombe Local 

Government Area. 

Furthermore, secondary sources of data played a pivotal role in 

supporting the primary research efforts. These sources refer to pre-

existing documented information, such as books, academic 

journals, seminar proceedings, and various written reports that are 

relevant to the study's focus. By reviewing these materials, 

researchers were able to contextualise their findings within existing 

literature, drawing connections between past studies and current 

observations. This comprehensive review of secondary data not 

only helped establish a theoretical foundation for the research but 

also identified knowledge gaps that the primary data collection 

aimed to address. Ultimately, the combination of primary and 

secondary data sources enriched the research process, ensuring a 

well-rounded investigation into the socio-economic factors 

influencing child labour and trafficking in Gombe State while 

providing insights that could inform effective policy and 

intervention strategies. 

3.6.2 Method of Data Analysis 

The data collected from the questionnaires was analysed using a 

range of statistical methods to ensure a thorough understanding of 

the information gathered. Frequency counts were employed to 

determine how often specific responses were given, providing a 

clear picture of the most common views and characteristics within 

the study population. This method helped to quantify the data, 

making it easier to identify patterns and trends. Additionally, 

simple percentage calculations were utilised to express the results 

in a more digestible format, allowing for straightforward 

comparisons across different demographic groups and variables. 

Correlation analysis was also conducted to examine the 

relationships between key variables, such as household income and 

the prevalence of child labour and trafficking. This statistical 

technique enabled researchers to identify significant associations 

and potential causal links, shedding light on how varying income 

levels may impact these critical social issues. By employing this 

multifaceted approach to data analysis, the study aimed to draw 

robust conclusions that could inform policymakers and 

stakeholders about the dynamics at play in the Gombe Local 

Government Area. 

3.7 Model Specification 

The analytical model utilised in this investigation was derived from 

the works of Basu and Van (1998), Fan (2011), and Zapata et al. 

(2011). The logit model is defined in its implicit form as: 

Zi = βo +β1xik + ui ………………………………………… (1) 

Where: 

Zi = Financial Inclusion (dummy, 1= = Child Labour and 

trafficking and 0, otherwise). 

Βo = constant 

Β1 = coefficient 

Xik = set of explanatory variables (i=1,2,..k) 

Ui = random error disturbance term. 

The explicit form of the model is specified as: 

Zi=InPi ………………………………….. (2) 

 1 – Pi = βo+β1x1 +β2x2 +β3x3 +ui………………….…. (3)  

Where: Zi = Child Labour (dummy, 1= Child Labour and 0, 

otherwise).  

βo = constant term, βn = parameters to be estimated.  

X1 household income (1=household income, 0, otherwise). 

X2=poverty (1=poverty, 0, otherwise). X3 = Unemployment  

(1 = Unemployment, 0, otherwise).  

Ui = random disturbance term. 

The models are specified as follows; 

Model one 

Y= f (A,G, Hs,E) 

Where; 

Y = Income of the household 

 A= Age 

G= Gender 

Hs= Household size 

E= Employment 

Model two  

Child Labour and Trafficking = f (E) 

Where; E= Employment 

The binary logistic model was chosen due to its capacity for 

coherent interpretation and ability to accommodate numerous 

variables, in addition to its mathematical computational simplicity. 

The research aimed to identify crucial variables that influence a 

decision with a binary outcome, while also highlighting the model's 

high level of flexibility and user-friendliness. Due to the binary 

nature of the dependent variable, the ordinary least squares (OLS) 

technique is more suitable for estimating the model. 
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3.8 Estimation and Evaluation Techniques and 

Procedures. 

Omnibus Test: This diagnostic test determines whether to accept or 

reject the entire model.  

We are analysing the P-value. The model fits the data well if the P-

value is less than 0.05. Here, the null hypothesis is that the model 

does not provide a satisfactory fit. We shall then determine 

whether the entire model is accepted or rejected.  

The goodness of fit refers to the accuracy of the predicted value. 

This statistic will demonstrate how the independent factors can 

explain variations in the dependent variables, indicating whether 

all the independent variables are significant in explaining these 

changes.  

Odds Ratio: This represents the probability of an event happening. 

It denotes the consistent impact of predictor X on the likelihood of 

a particular outcome.  

The term "relative risk" is also used to refer to a logit model. The 

measure quantifies the likelihood of y being equal to 1 compared to 

the probability of y being equal to 0. A ratio of 2 indicates that the 

possibility of the outcome y=1 is twice as high as the probability of 

the outcome y=0. An odds ratio of 1 indicates equal likelihood, 

while a value greater than 1 suggests that y=1 is more probable, 

and a value less than 1 indicates that y=0 is more probable.  

The Nagelkerke R-squared is a revised version of the Cox and 

Snell R-squared. It is considered the most appropriate Pseudo R-

squared measure because it has a minimum value of zero (0) and a 

maximum value of one (1). This statement elucidates the extent to 

which the predictors in a model contribute to the variability 

observed in the dependent variable.  

Predictive chance: Once the models have been estimated, we 

calculate the chance of y=1 for each observation based on their 

functional form. This guarantees accurate forecasting of the model.  

P= pr [y=1/x] =F(x’β) 

The predicted probability is limited between 0 and 1.  

The predicted probability indicates the likelihood of y being 1. 

Hypothesis Test: H0: β0 = 0 (the parameter estimate is statistically 

significant) 

H1: β0 ≠ 0 (the parameter estimate is not statistically significant) 

Decision Rule: For p values >0.05, reject H0  

The determination of whether to accept or reject any hypothesis 

mentioned above will depend on the probability of the parameter's 

predictive ability and the statistical significance of each parameter. 

When using the two-tailed test, we reject the null hypothesis if the 

p-value is less than or equal to 0.05; otherwise, we fail to reject the 

null hypothesis. If the p-value is less than 0.05, we reject the null 

hypothesis if the computed value is smaller than the tabular value 

in the standard distribution table; otherwise, we accept the null 

hypothesis. If the anticipated probability suggests the probability of 

y=1, and if the predicted probability is below 0.05, we can 

confidently predict that y=1; otherwise, we predict y=0. 

S 

4 Data Presentation 
A total of 400 questionnaires were distributed to adult household 

members in the Gombe Local Government Area to assess the 

impact of household income on child labour and trafficking. The 

data collection process was highly effective, yielding 379 

completed questionnaires, thanks to the efforts of data collectors 

who provided clarification and conducted interviews to support 

respondents. This high response rate and interactive approach 

ensured the accuracy and completeness of the data. The thorough 

engagement fostered trust and honest participation, resulting in a 

reliable dataset. The analysed responses offered significant insights 

into how household income influences child labour and trafficking 

in the area, providing valuable input for policy and community-

based interventions. 

4.1 Response rate 

The results of the questionnaire conducted for the study are 

presented in Table 4.1. A total of 400 questionnaires were sent for 

completion and return. Of these, 379 questionnaires were 

completed and returned, resulting in a response rate of 95% across 

the four locations included in the study. All 379 questionnaires 

received were selected for analysis based on the determined sample 

size. Brooks (2008) states that a response rate of 60% or more is 

deemed satisfactory for academic research. Based on this criterion, 

a 95% response rate can be judged sufficient for this current 

academic study. 

4.2 Descriptive Analysis 

Table 4.2: Distribution of responses based on age of 

Respondents 

Age Frequency Percentage 

18-30 41 10.82 

31-40 206 54.35 

41-50 103 27.18 

50 & Above 29 7.65 

Total 379 100 

Source: Field Survey, 2025 

Table 4.1 above presents a detailed distribution of respondents 

categorised by age groups, highlighting the demographic 

characteristics of the study population. Among the participants, 

there are 41 respondents (10.82%) aged between 18 and 30, 

indicating a relatively small representation of younger adults in the 

sample. In contrast, a substantial 206 respondents (54.35%) fall 

within the 31 to 40 age bracket, which represents the largest 

segment of the population surveyed. This finding suggests that 

middle-aged adults are more prevalent in the study, likely 

reflecting their greater involvement in household income 

generation and decision-making processes that could influence 

child labour and trafficking issues. Additionally, 103 respondents 

(27.18%) are aged between 41 and 50, further emphasising the 

importance of middle-aged perspectives in understanding the 

socio-economic factors at play. Finally, there are 29 respondents 

(7.65%) who are over 50, indicating a smaller proportion of older 

individuals. Overall, the distribution of respondents suggests that 

the study captures a significant middle-aged demographic, which is 

crucial for understanding the implications of household income on 

child-related issues in the Gombe Local Government Area. 

Table 4.2: Distribution of Responses based on Gender 

Gender Frequency Percentage 

Female 203 53.56 
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Male 176 46.44 

Total 379 100 

Source: Field Survey, 2025 

According to the data presented in Table 4.2 above, a total of 203 

respondents, or 53.56%, identified as female, while 176 

respondents, or 46.44%, identified as male. This distribution 

indicates that a slight majority of the study participants are female, 

reflecting the gender dynamics within the Gombe Local 

Government Area. The predominance of female respondents may 

suggest that women are more engaged in discussions related to 

household income and child welfare issues, possibly due to their 

traditional roles as caregivers and decision-makers within families. 

This gender imbalance in the sample is significant as it highlights 

the potential for gender-specific insights into the socio-economic 

factors influencing child labour and trafficking. The higher 

representation of women may also provide a platform for exploring 

how household income directly impacts their roles and 

responsibilities, as well as their perceptions of child welfare in 

their communities. Understanding these gender dynamics is 

essential for interpreting the study's findings and ensuring that the 

voices and experiences of women are adequately represented in the 

discourse surrounding these critical social 

issues.                                                                          

Table 4.3: Distribution of responses based on family Income 

Income Frequency Percentage 

Less than 5,000 164 43.27 

5,000 - 50,000 178 47 

50,000 - 100,000 30 7.92 

100,000 & Above 7 1.81 

Total 379 100 

Source: Field Survey, 2025  

Table 4.3 above presents a comprehensive breakdown of the 

respondents' family income distribution, revealing significant 

insights into their financial backgrounds. Among the total 

respondents, 164 individuals, constituting 43.27%, reported a 

family income of less than $5,000, highlighting a considerable 

portion of the population struggling with low income. In contrast, a 

substantial majority of 178 respondents, or 47%, reported family 

incomes ranging from $5,000 to $50,000, indicating that this 

income bracket is the most common among the participants. 

Moreover, 30 respondents, accounting for 7.92%, fell into the 

income category of $50,000 to $100,000, suggesting that a smaller 

segment of the population enjoys a relatively higher financial 

status. Finally, only seven respondents, representing 1.81%, 

reported an income of 100,000 or more, underscoring the rarity of 

higher income levels within this group. Overall, the data illustrate 

that the majority of respondents' household incomes are 

concentrated within the $5,000 to $50,000 range, pointing to a 

potential need for economic support and opportunities for those in 

lower income brackets. 

Table 4.4: Distribution of responses based on Child Help 

Child Help Frequency Percentage 

No 97 25.59 

Yes 282 74.41 

Total 379 100 

Source: Field Survey, 2025 

Table 4.4 above provides a detailed overview of the role of 

children in supporting their parents' enterprises or farms. The data 

reveal that a substantial 282 participants, representing 74.41% of 

the total respondents, benefit from their children's assistance in 

these activities. This finding highlights the critical role that young 

family members play in contributing to the family business or 

agricultural operations, suggesting a strong culture of familial 

collaboration and support within these households. In contrast, 97 

participants, or 25.59%, reported that their children do not assist, 

indicating that while a significant majority relies on their children 

for help, a notable minority does not involve their offspring in their 

work. This disparity suggests varying family dynamics and 

economic strategies, where the engagement of children in parental 

enterprises may be influenced by factors such as the nature of the 

business, the age of the children, or differing values regarding 

work and education. Overall, the data illustrate the importance of 

children as contributors to family livelihoods, emphasising their 

role in sustaining and enhancing household economic activities. 

Table 4.5: Distribution of responses based on household Size of 

Respondents 

Household Size Frequency Percentage 

2 – 3  19 5.01 

4 – 8  82 21.64 

9 – 14 186 49.08 

15 & Above 92 24.27 

Total 379 100 

Source: Field Survey, 2025 

According to the data presented in Table 4.5 above, the distribution 

of household sizes among the respondents reveals intriguing 

insights into family structures within the surveyed population. A 

total of 19 respondents, accounting for 5.01%, reported a relatively 

small household size of 2 to 3 members, indicating that a small 

portion of participants may prefer or be constrained to nuclear 

family arrangements. In contrast, 82 respondents, representing 

21.64%, reported a household size ranging from 4 to 8, indicating a 

moderate family size that typically includes parents and a few 

children. A significant majority, 186 respondents, or 49.08%, 

identified themselves as having larger households comprising 

between 9 and 14 members, which suggests a tendency towards 

extended families or communal living arrangements common in 

specific cultural contexts. Lastly, 92 respondents, accounting for 

24.27%, reported having households with 15 or more members, 

further underscoring the prevalence of large family units. These 

findings highlight that most participants belong to households in 

the larger size category of 9-14 members, indicating a community 

dynamic where families may pool resources and share 

responsibilities, reflecting a social structure that emphasises 

collective support and interdependence among family members. 

This information is crucial for understanding the socio-economic 

conditions and needs of the participants, particularly about 

resource allocation, childcare, and economic support systems. 
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Table 4.6: Distribution of respondents based on Child Labour 

Child Labour Frequency Percentage 

No 96  25.33 

Yes 283 74.67 

Total 379 100 

Source: Field Survey, 2025 

Based on the data presented in Table 4.6 above, there is a notable 

prevalence of child labourers among the respondents, as evidenced 

by the fact that 283 individuals, accounting for 74.67%, reported 

having children engaged in work within their households. This 

significant proportion suggests that child labour is a common 

practice in the surveyed community, likely reflecting socio-

economic conditions where families rely on the additional income 

generated by their children. In contrast, 96 respondents, or 25.33%, 

indicated that they do not have child labourers, highlighting a 

minority that either does not engage their children in work or 

perhaps is in a better financial position to afford this choice. The 

findings point to a broader societal issue surrounding child labour, 

raising questions about the implications for education, health, and 

overall well-being of children involved in labour activities. The 

data emphasises the need for a deeper understanding of the factors 

that contribute to child labour in this context, as well as the 

potential impacts on family dynamics and economic sustainability. 

Overall, the high percentage of respondents with child labourers 

underscores the importance of addressing the socio-economic 

challenges faced by families and exploring solutions that prioritise 

the welfare and education of children. 

Table 4.7: Distribution of responses based on child trafficking 

Child Trafficking  Frequency Percentage 

No 213 56.20 

Yes 166 43.80 

Total 379 100 

Source: Field Survey, 2025 

Table 4.7 provides a detailed overview of the respondents' 

experiences regarding child trafficking within their households. 

Among the 379 participants surveyed, 213 respondents, which 

constitutes 56.20%, reported that they had children who had been 

trafficked. In contrast, 166 respondents, or 43.80%, indicated that 

they did not have trafficked children living in their homes. This 

data reveals that a majority of the respondents have directly 

encountered the issue of child trafficking, suggesting a significant 

prevalence of this distressing phenomenon within the population 

studied. Conversely, the nearly equal proportion of those without 

trafficked children highlights that a notable segment of the 

community remains untouched by this issue, which can inform 

targeted outreach and support strategies. Overall, these findings 

reflect the urgent need for further awareness and intervention 

initiatives that address the complexities and impacts of child 

trafficking, especially considering that more than half of the 

respondents are grappling with its consequences in their family 

environments. 

 

Table 4.8: Distribution of responses based on the Gender of the 

child/children affected by child labour and trafficking 

Gender affected Frequency Percentage 

Female 72 19 

Male 36 9.50 

None 114 30.08 

Both 157 41.42 

Total 379 100 

Source: Field Survey, 2025 

The data presented in Table 4.8 provides a detailed breakdown of 

the respondents' perceptions regarding the gender of children 

affected by child labour and trafficking in Gombe Local 

Government. Among the total respondents, 72 individuals, 

accounting for 19%, identified the affected child as female. In 

contrast, only 36 respondents, or 9.50%, indicated that the affected 

child was male. Notably, a significant portion of the participants, 

comprising 114 respondents or 30.08%, reported that they do not 

have any children affected by these issues. Furthermore, a 

substantial number of respondents, 157 in total, representing 

41.42%, recognised that both male and female children are 

impacted by child labour and trafficking. This distribution of 

responses highlights a critical awareness among the participants, 

with the majority acknowledging that both genders are affected by 

these social issues. Overall, the findings suggest that the 

respondents in Gombe Local Government demonstrate a 

significant recognition of the dual impact of child labour and 

trafficking on both boys and girls, underscoring the need for 

comprehensive strategies to address these pervasive challenges in 

the community. 

Table 4.9: Distribution of responses based on the causes of 

child labour and trafficking 

Causes Frequency Percentage 

Poverty 147 38.79 

Low level of Education 5 1.32 

Unemployment 83 21.90 

Greed 3 0.79 

Large family size 27 7.12 

School dropout 18 4.75 

All of the above 96 25.33 

Total 379 100 

Source: Field Survey, 2025 

Table 4.9 illustrates the distribution of respondents' opinions 

regarding the causes of child labour and trafficking in Gombe 

Local Government. The data reveals that a significant majority of 

respondents, 147 individuals or 38.79%, pinpointed poverty as the 

primary cause of these issues. This highlights a prevailing belief 

among participants that economic hardship plays a crucial role in 

driving children into labour and trafficking situations. 

Additionally, a smaller yet notable number of respondents 

identified unemployment, with 83 individuals (21.90%) 

recognising it as a contributing factor. Furthermore, only five 
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respondents (1.32%) attributed the problem to a low level of 

employment, while three respondents (0.79%) identified greed as a 

cause. Other factors included large family size, cited by 27 

participants (7.12%), and school dropout, reported by 18 

respondents (4.75%). Interestingly, 96 respondents (25.33%) 

selected all of the above options as contributing factors, indicating 

a complex interplay of various issues leading to child labour and 

trafficking. Overall, the findings suggest that while poverty is 

viewed as the predominant cause, respondents acknowledge 

multiple interconnected factors that contribute to the prevalence of 

these social challenges in their community, necessitating a 

multifaceted approach to address the root causes effectively. 

Table 4.15: Distribution of respondents based on Parents' level 

of employment 

Employment Status Frequency Percentage 

Unemployed 142 37.47 

Employed 44 11.61 

Underemployed 193 50.92 

Total 379 100 

Source: Field Survey, 2024  

Table 4.10 provides insight into respondents' perceptions of how 

parental employment status influences the likelihood of children 

becoming labourers and victims of trafficking in Gombe Local 

Government. Among the total respondents, 142 individuals, or 

37.47%, indicated that they believed having "unemployed" parents 

is a significant factor contributing to children entering labour and 

trafficking situations. In contrast, a smaller segment, comprising 44 

respondents (11.61%), selected "employed" as the parents' 

employment status, which might also lead to such outcomes. 

However, the most striking finding is that 193 respondents, 

accounting for 50.92%, identified "underemployed" parents as the 

group most likely to see their children become labourers or victims 

of trafficking. This indicates a strong perception that while 

unemployment poses a risk, the condition of underemployment—

where parents may have jobs that do not provide adequate financial 

support—presents a greater threat to child welfare. The data 

underscores a crucial link between the economic stability of 

families and the vulnerability of children, suggesting that 

underemployment may leave families in precarious situations 

where children are compelled to contribute economically, thereby 

increasing their risk of exploitation through labour and trafficking. 

Table 4.11: Distribution of responses based on Parents' Level 

of Skill 

Skill Frequency Percentage 

Skilled 62 16.36 

Unskilled 208 54.88 

Semi-skilled 109 28.76 

Total 379 100 

Source: Field Survey, 2025 

Table 4.11 presents data on respondents' perceptions regarding the 

skill levels of parents and how these levels may influence the 

likelihood of their children becoming labourers and victims of 

trafficking in Gombe Local Government. Among the total 

respondents, 62 individuals, or 16.36%, identified "skilled" as the 

level of skill possessed by parents that could lead to their children 

entering labour and trafficking situations. In contrast, a significant 

majority of respondents—208 individuals, accounting for 

54.88%—chose "unskilled" as the relevant parental skill level. 

Additionally, 109 respondents, representing 28.76% of the total, 

indicated "semi-skilled" as the applicable category. The findings 

suggest that the majority of participants perceive unskilled labour 

as the primary parental skill level associated with children 

becoming labourers and victims of trafficking. This highlights a 

concerning trend where a lack of skills among parents may 

contribute to economic vulnerability, leading to increased chances 

of exploitation of their children. Overall, the data points to a clear 

recognition among participants of the role that parental skill levels 

play in influencing child labour and trafficking, emphasising the 

need for targeted interventions that address skills development and 

economic empowerment for families to reduce these risks in the 

community. 

4.3 Presentation and Analysis of Regression Results 

The regression analysis findings for each study's objective are 

displayed in Tables 4.13, 4.14, and 4.15. The inferential statistics 

and the rationale for testing the study's hypothesis are presented.  

4.3.1 Test of Hypothesis One  

This study investigated the first hypothesis by employing the logit 

regression technique. The null hypothesis being tested is that: 

H0: Household income does not influence child labour or 

trafficking in Gombe Local Government. 

Table 4.12: Regression Result of Household income on child labour and child trafficking 

 Child Labour Child Labour with Other Variables Child Trafficking  Child Trafficking with Other Variables 

 1 2 3 4 

Independent Variable     

Income -0.4183** 

(0.1564) 

-0.2675 

(0.4632) 

-0.3291** 

(0.1462) 

-0.189 

(0.1963) 

Age  -1.0972** 

(0.4704) 

 0.0047 

(0.1632) 

Gender  -0.1129 

(0.6252) 

 -0.3271 

(0.2951) 
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Household Size  8.3121*** 

(1.3106) 

 4.1273*** 

(0.2911) 

Employment  0.4631 

(0.3417) 

 0.1321 

(0.1638) 

N 379 379 379 379 

Note: Standard error in parenthesis, *** is Significant at 1%, ** is 

Significant at 5% 

Source: Authors' Computation, 2025 

The regression results in Table 4.12 indicate that an increase in 

household income is expected to have a significant adverse effect 

on child labour and trafficking. Specifically, for objective one of 

the study, it is found that a 1 unit increase in household income 

leads to a decrease in child labour by 0.41 units. This relationship 

is statistically significant at the 5% level of significance. This 

demonstrates that parents' economic level directly impacts the 

extent to which their children engage in labour activities. Column 2 

contains the income variable and additional factors related to child 

labour.  

Based on the outcome, the income is negative but not statistically 

significant. This implies that an increase in revenue is likely to lead 

to a decrease in child labour. As individuals grow older, there is a 

higher probability of a reduction in child labour. This relationship 

is statistically significant at a 5% level of significance. This 

indicates that as households age, adults are more likely to take on 

the complete duty of managing the family rather than relying on 

children for labour. The Gender of a child has a negligible but non-

significant impact. An increase in household size is likely to result 

in an 8.31 unit increase in child labour, as indicated by the positive 

and statistically significant coefficient at the 1% significance level. 

This suggests that a substantial proportion of children involved in 

child labour typically come from families with a high number of 

members.  

An increase in income is expected to decrease child trafficking by 

0.33, with statistical significance at the 5% level. This 

demonstrates that child trafficking is correlated with household 

poverty, hence perceiving it as a chance to generate income. When 

regressing child trafficking with other variables in the 4th column, 

the analysis shows that income and Gender tend to decrease child 

trafficking, but their impact is not statistically significant. Although 

age and work are factors that may contribute to an increase in child 

trafficking, their impact is not considered significant. Nevertheless, 

the analysis reveals that household size has a statistically 

significant positive effect at a 1% significance level. This suggests 

that an increase in household size is likely to lead to a 4.12-unit 

rise in child trafficking. These findings disclosed the prevalence of 

child trafficking among individuals from larger households. 

4.4 Implications of Findings  

The primary objective of this study is to examine the impact of 

household income on child labour and child trafficking in the 

Gombe Local Government Area. The data suggests that an increase 

in household income is likely to lower child labour by 0.41, which 

is significant at a 5% significance level. This demonstrates that 

parents' economic level significantly impacts the extent to which 

their children engage in labour activities. When income is paired 

with other variables, it has a negative but not statistically 

significant effect. This means that an increase in revenue is likely 

to lead to a decrease in child labour. As individuals grow older, the 

likelihood of child labour decreases. This relationship is 

statistically significant at a 5% level of significance. This suggests 

that as households age, adults are more likely to take on the 

complete duty of managing the family rather than relying on 

children for labour. The Gender of a child has a negligible but non-

significant impact. An increase in household size is likely to result 

in an 8.31 unit increase in child labour, as indicated by the positive 

and statistically significant coefficient at the 1% significance level. 

This suggests that many children involved in child labour typically 

come from families with many members.  

An increase in income is expected to decrease child trafficking by 

0.33, which is statistically significant at a 5% significance level. 

This demonstrates that child trafficking is linked to a household's 

low income, leading individuals to view it as a means of generating 

money.  

The presence of income and Gender may potentially decrease child 

trafficking; however, the impact is not statistically significant. 

Although age and work may contribute to an increase in child 

trafficking, the effect is not considered necessary. Nevertheless, the 

analysis reveals that household size has a statistically significant 

positive impact at a 1% significance level. This suggests that an 

increase in household size is likely to lead to a 4.13 unit rise in 

child trafficking. Thus, it can be inferred that child trafficking is 

more widespread among households with larger sizes.  

This study demonstrates that a significant proportion of children 

involved in child labour and child trafficking typically originate 

from homes of considerable size.  

5 Conclusion and Recommendation 
This study examined the influence of household income on child 

labour and trafficking in the Gombe Local Government Area using 

inferential statistics and logit regression analysis. The findings 

revealed that higher household income and older household 

members are associated with a reduction in both child labour and 

trafficking. In contrast, larger household sizes significantly 

increase the likelihood of these practices due to greater financial 

pressure. Child labour was found to be more prevalent than 

trafficking in the area. Although employment and parental skill 

levels were not always statistically significant, they generally 

reduced the likelihood of child exploitation. When analysed in 

combination with income, larger households with limited financial 

resources were more vulnerable to trafficking. In contrast, 

households with employed and skilled parents were less likely to 

engage in or experience child exploitation. The study concludes 

that increasing household income, promoting employment, and 

enhancing parental skills are critical strategies to combat child 

labour and trafficking. These findings offer evidence-based 

recommendations for policymakers to develop targeted 

interventions for protecting children in Gombe and similar settings. 

To effectively reduce child labour and trafficking in Gombe Local 

Government, policymakers should prioritise support for large 

households, which are more prone to engaging children in labour 

due to economic strain. Establishing additional welfare offices with 
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trained personnel and equipping them to support victims is 

essential. Interventions aimed at improving living standards in 

rural areas, alongside the provision of accessible loans through 

public and private institutions, could alleviate economic pressures. 

Promoting education on family planning, financial literacy, and 

investments can further help reduce household vulnerability. 

Deployment of monitoring officers at key locations, consistent 

record-keeping, and regular supervision of social welfare staff are 

recommended for effective oversight. Incentivising welfare officers 

for their performance, along with improving their working 

conditions, would enhance the quality of service delivery. 

Empowering the broader community through education, skills 

training, and entrepreneurship should be promoted to foster 

financial independence and autonomy. Awareness campaigns must 

inform the public, especially children, about their rights and how to 

report cases of child labour and trafficking, ensuring they know 

where to seek help when needed. 
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